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1. FRESHERSAVAT S (BB AR - % R ~ (BhRE)
o Layers
o Loss
o Activations
o Architectures(LSTM, CNN, Resnet, MobileNet, etc.)
o Transfer learning
o Attention
o Regularization
o Autoencoder
2. Optimization
o Backpropagation
o Gradient descent
o i FMHNZEEEEH] optimizer
3. Bl
0 normalization
o data augmentation
o imbalance data problem
4. BAIHEISRRE BRI B ~ SERII RN 2 - AU ERES -
5. BfFLE
oProgramming Language Basics (Python)
onumpy, scipy
oDeep learning framework(TensorFlow or PyTorch)

6. HASE R
EZ | https://stanford.edu/~shervine/teaching/cs-229/cheatsheet-
supervised-learning Ei https://github.com/maxim5/cs229-2018-
autumn/tree/main/problem-sets

7. PEERERE TR B E TS
EZ | https://stanford.edu/~shervine/teaching/cs-229/cheatsheet-
supervised-learning Ei https://github.com/maxim5/cs229-2018-
autumn/tree/main/problem-sets

8. FEETT
EE2°% | http://cs231n.stanford.edu/slides/2021/lecture_6.pdf

9. Optimization basics. For examples, convex and non-convex optimizations. Local

minima, global minima, gradient descent algorithms, etc



10. 5 Ryt asEE A
11.EM algorithm

> PEAEE

BIPRS00 — e 2R e — & " BE RS AR T PREK -
VIl 2t B L -

VIS 2ot o A A e 2 B I A 5 (E R 5

B R R Il R B AR YBRE h  E S B S R -
FEVIIdE R T B AT A SR B BB (B SA B PR, -

@%WNE“

> BERTE
* EBEAETEES (B R T ~ BRekteaE ~ HRUTE - IERAIE) 0 B

* (st E YRR A AR

* BHTEREIFRFYIER? AT EER,
* ‘*“%’JE&S&@SE@E% TR ~ PEHELERES - B
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* mlﬁﬂﬂfﬁlﬁb"
* PEAIENNSR ~ A W EpRg BRI FEAE (40 ¢ #EfEE%E ~ ROC AUC ~ MSE ~ TPR »
Y584 - Precision ~ Recall) {3
* B A (AR ﬁ[lﬁiii% °

*ROC AUC HEZ? WIfolfifsE

* Y[ ZFET regressive models HY4FIE
* FEEHTEER (p-value ~ (SHEERR] ) FRARECE - B

* p-value Y=

* EEERNER

* RS FEE
* EiRE AL - e EEEGES L THE (411 Python, Pandas, scipy,
numpy, ECEAMETTZE) - B
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