1. PRECAEREAYAS IR (BB AR, - & A - (BhRED)
o Layers
o Loss
o Activations
o Architectures(LSTM, CNN, Resnet, MobileNet, etc.)
o Transfer learning
o Attention
o Regularization
o Autoencoder
2. Optimization
o Backpropagation
o Gradient descent
o i RN EEELEN optimizer
3. Bl
0 normalization
o data augmentation
o imbalance data problem
4. EFTH
oProgramming Language Basics (Python)
onumpy, scipy
oDeep learning framework(TensorFlow or PyTorch)
5. MasERE R R
555 | https://stanford.edu/~shervine/teaching/cs-229/cheatsheet-supervised-learning Eil
https://github.com/maxim5/cs229-2018-autumn/tree/main/problem-sets
6. PREREEE N B E TS
H£F ¢ https://stanford.edu/~shervine/teaching/cs-229/cheatsheet-supervised-learning Ei
https://github.com/maxim5/cs229-2018-autumn/tree/main/problem-sets
7. EEFIG
555 | http://cs231n.stanford.edu/slides/2021/lecture_6.pdf
8. Optimization basics. For examples, convex and non-convex optimizations. Local minima, global minima,
gradient descent algorithms, etc
9. Computer vision basics. For examples, epipolar geometry (e.g., essential matrix and fundamental
matrix), camera poses, and optical flow.

10.Image processing basics. For examples, Sobel operator and Hough transform.



